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The project has two overarching aims:

1. To explore how Generative AI is currently being 
used across the sector, including institutional 
policies, teaching practices, research workflows, 
and ethics and governance approaches; and

2. To develop evidence-informed recommendations 
that can guide institutions, policymakers, and 
professional bodies in fostering responsible, 
innovative, and inclusive AI adoption.

Project Aims
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Publication outputs

Publications
• Alam, S. L., Hyland-Wood, B., Chen, J., Nguyen, L., Bunker, D., Sadiq, S., & Abedin, B. (In press). Generative AI and 

the Tertiary Sector: Current Issues, Key Opportunities and Risks for Institutions and Policymakers. Communications 
of the Association for Information Systems, 59, pp-pp. Retrieved from https://aisel.aisnet.org/cais/vol59/iss1/25

• Alam S, Nguyen L, Bunker D, Hyland-wood B, Fielt E, Marrone M, Chen J, Tsai M, Yang W, Balapumi R, Nguyen T, Hol 
A, Chinthammit W, Addanki K, Jha M, Yeom S, Mendoza A, Duan S, Charles S, Qutab S, Bajaj R. (2026). Governing 
Generative AI in Higher Education: Insights from a National ACPHIS Study. HERDSA 
2026. https://conference.herdsa.org.au/2026/program

Presentations
• Upcoming presentation at ACPHIS SGM on 31 July 2026 from 2-3 pm
• Panel at ACIS 2025 on “Generative AI and the Tertiary Sector: Current Issues, Key Opportunities and Risks for 

Institutions and Policymakers. Communications of the Association for Information Systems”.
Panelists: Alam, S. L., Hyland-Wood, B., Chen, J., D., Sadiq, S., & Abedin,
Facilitator: Bunker, D.
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Presentation Structure

01 — Background

Why this matters now

02 — Three Studies

Educational practice · 
Research practice · 
Institutional governance

03 — Synthesis and 
Implications

What institutions can do 
next
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BACKGROUND

Why this matters now

GenAI is evolving faster than institutions can learn, govern and adapt.

FAST AI

Rapid capability gains

• widespread experimentation
• expanding teaching and research uses
• uncertain boundaries of acceptable use

SLOW POLICY

Institutional adaptation takes time

• policy responses evolving unevenly
• capability-building still emerging
• trust, quality and accountability at stake

This project asks not only what GenAI can do, but how institutions can respond responsibly.
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What do we already know from existing research?

Atif, A., Jha, M., Richards, D., & Cibin, A. (2026). Institutional alignment with TEQSA’s generative AI principles in Australian universities: A national 
document analysis with implications for ICT education. Australasian Journal of Educational Technology. https://doi.org/10.14742/ajet.11001 

• Existing Australian policy reviews consistently suggest that:

• Universities have responded rapidly to Generative AI.

• Institutional policies have largely converged around academic integrity and 
TEQSA principles.

• Assessment redesign is emerging, but discipline-specific guidance remains 
limited.
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BACKGROUND

The sector challenge

Universities are balancing competing priorities rather than solving a single problem.

INTEGRITY

assessment, disclosure and 
academic standards

CAPABILITY

AI literacy, judgement and 
responsible use

RESEARCH PRACTICE

epistemic authority, authorship and 
accountability

PRIVACY / IP

data governance, copyright and institutional risk

INNOVATION

experimentation without loss of trust

The policy task is therefore dual: enable innovation while safeguarding trust, quality and 
accountability.
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PROJECT ARCHITECTURE

Three complementary studies

A public-facing pathway from educational practice to institutional governance.

STUDY 1

Educational practice

How GenAI is being used and 
understood in teaching and 
learning

STUDY 2

Research practice

Where human epistemic 
authority remains non-delegable

STUDY 3

Institutional governance

How universities operationalise 
control, agency and deficit 
framing

Together, these studies show how capability, agency and governance evolve together 
in responsible AI adoption.
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STUDY 1

Understanding GenAI in higher education

An umbrella review through a Functional–Relational–Responsible lens

ACPHIS GenAI Project
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STUDY 1

Method and review architecture

20 literature reviews 3 Integrated evidence perpectives
Functional-Relational-Responsible

1

Collection

2

Screening

3

Extraction

4

Quality appraisal

5

Coding & synthesis

Objective

Develop and refine a socio-technical framework that explains not only what GenAI enables, 
but how it reshapes educational relationships and responsible practice.
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ANALYTICAL FRAMEWORK

Three interdependent dimensions of GenAI in higher education

FUNCTIONAL

What GenAI enables

• augmentation

• automation

• productivity

RELATIONAL

How people engage

• dialogue

• collaboration

• agency

RESPONSIBLE

How use is governed

• ethics

• transparency

• accountability

The dimensions are co-constituted: capability shapes interaction, interaction 
reshapes roles, and governance establishes legitimate boundaries.
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FUNCTIONAL DIMENSION

GenAI augments academic work across roles
The dominant pattern is augmentation, not replacement.

STUDENTS

• intelligent tutor

• study and revision assistant

• writing and feedback support

TEACHERS

• content creation partner

• assessment and feedback 
support

• learning-design partner

RESEARCHERS

• literature discovery

• summarisation and editing

• research productivity support

Human expertise shifts from performing routine tasks to designing, evaluating 
and validating AI-assisted work.
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RELATIONAL DIMENSION

The important shift is from tool use to human–AI engagement

HUMAN–AI
ENGAGEMENT
• dialogue • interrogation 
• feedback • co-creation

STUDENTS

• intelligent tutor

• Socratic thinking 
partner

• collaborative 
knowledge partner

TEACHERS

• co-creation partner

• pedagogical design partner

• feedback orchestration

Agency shifts from producing answers to questioning, evaluating, refining and 
validating AI outputs.
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RESPONSIBLE DIMENSION

Ethical concerns are sociotechnical—not isolated technical failures

GENAI-CENTRIC

• bias & epistemic distortion

• digital inequality

• privacy & governance

• opacity & explainability

STUDENT-CENTRIC

• academic integrity

• learner agency

• psychosocial risks

• authorship & misuse

TEACHER-CENTRIC

• professional identity

• emotional & cognitive labour

• accountability & liability

The literature foregrounds student risks; teacher-centred consequences remain 
comparatively underexamined.
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KEY FINDINGS

Each dimension carries a distinct logic—and a distinct tension

FUNCTIONAL
Primary logic

Task–technology fit supports structured 
academic work.

Emerging tension

As complexity rises, fit weakens and 
oversight becomes more important.

RELATIONAL
Primary logic

Dialogue, feedback and co-creation 
reshape learning.

Emerging tension

Agency shifts towards questioning and 
validating AI outputs.

RESPONSIBLE
Primary logic

Governance establishes 
accountability and legitimacy.

Emerging tension

Greater autonomy amplifies ethical and 
institutional risk.
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STUDY 1 SYNTHESIS

From capability to educational practice

Functional explains what GenAI enables

Relational shows how engagement reshapes agency

Responsible sets the conditions for legitimate use

Together, the three dimensions explain not only what GenAI does, but how it 
reshapes educational practice, relationships and governance.

ACPHIS GenAI Project
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STUDY 2

Calibrating Human–AI co-agency in research

Where can GenAI assist—and where must human epistemic and ethical authority remain non-
delegable?

ACPHIS GenAI Project
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STUDY 2

Method and analytical objective

REVIEW PROCESS

• Systematic literature review and PRISMA-
guided screening

• Mapping of GenAI use across the research 
lifecycle

• Assessment of epistemic stakes

• Classification of Human–AI configurations

• Interpretive synthesis across activities and 
scholarly positions

OBJECTIVE

Examine how GenAI is positioned across the 
research lifecycle—and identify where 
human epistemic authority is treated as non-
delegable.

The unit of analysis is not the tool alone, but 
the relationship between activity, epistemic 
stakes and allocated authority.
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RESEARCH LIFECYCLE

Where should Human–AI boundaries be drawn?

Exploration

ideas • literature

Design

methods • sampling

Execution

data • analysis

Writing

drafting • argument

Review

peer/editorial judgement

Epistemic stakes increase as activities move closer to knowledge creation, 
interpretation and final judgement.

The literature agrees that humans retain responsibility for knowledge claims, but 
differs on how far substantive work may be delegated.
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CALIBRATION LOGIC

Activity → epistemic stakes → Human–AI configuration

1 Research activity

Where does GenAI enter 
the process?

2 Epistemic stakes

How strongly does the 
activity shape claims, 
interpretation or 
judgement?

3 Human–AI configuration

How should agency, 
oversight and decision 
authority be allocated?

Human–AI co-agency should be calibrated to epistemic stakes—not to 
technical capability alone.
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EMERGING SYNTHESIS

Four epistemic zones of Human–AI co-agency

ZONE 1 Epistemic core
Human only

theory • interpretation • final judgement

ZONE 2 Supervised AI
Human decides

coding • analysis • evaluation

ZONE 3 Methodological augmentation
Human in control

stimuli • synthetic data • preprocessing

ZONE 4 Procedural automation
Low epistemic risk

search • screening • formatting • language

The emerging pattern suggested four epistemic zones.
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STUDY 2 SYNTHESIS

From capability to agency calibration

Epistemic agency Who creates, interprets and validates knowledge?

Ethical agency Who remains responsible and authorised to decide?

Governance implication Calibrate AI use to epistemic and ethical stakes—not 
technical capability alone.

The closer an activity moves towards interpretation, justification and 
final scholarly judgement, the stronger the case for retained human 

authority.

ACPHIS GenAI Project

24



ACPHIS GenAI Project

STUDY 3

Generative AI policy across Australian and New Zealand 
universities

Control at the ceiling, agency in motion
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STUDY 3

Method overview

46 universities
38 Australia · 8 New Zealand

807 webpages
Publicly available institutional evidence

15 indicators
Five per analytical dimension

κ = 0.848
Final consensus dataset

1

Collection

2

Screening

3

Extraction

4

Quality assurance

5

Coding & analysis

Quality assurance was embedded throughout the review—not added at the end.

26



ACPHIS GenAI Project Fast AI, Slow Policy

ANALYTICAL FRAMEWORK

Three complementary dimensions of GenAI governance

CONTROL

How universities regulate 
use

Rules and restrictions

Disclosure and 
accountability

Governance and oversight

AGENCY

How universities enable 
use

Capability building

Critical guidance

Innovation and participation

DEFICIT FRAMING

How policies position 
users

Users framed as risks

Misconduct and surveillance

Restrictive default 
assumptions

Together, the dimensions show how policy establishes boundaries, builds capability and signals perceived risk.
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THE OVERALL POLICY LANDSCAPE

Strong control, emerging agency

4.54 / 5
CONTROL

Strong and widespread

3.63 / 5
AGENCY

Present but uneven

2.33 / 5
DEFICIT FRAMING

Moderate, not dominant

Control structures are firmly established, while agency is still finding room to 
take flight.

The pattern is not blanket prohibition: regulation is mature, while capability-building remains uneven.
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CONFIGURATION VIEW

Patterns beyond the averages

FIGURE / HEATMAP

The averages describe 
the landscape.

The heatmap reveals 
how policy elements 
are configured across 
institutions.

Heatmap reveals the maturity of policy discourse from publicly available sources
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COMPUTATIONAL METHOD 

A computational method for measuring how universities govern generative AI

What 1,162 provisions across 35 universities reveal about how the sector governs GenAI.

807
pages collected

46 universities, AU + NZ

126
governance documents

35 institutions · 29 AU · 6 NZ

1,162
AI-relevant provisions

the unit of analysis

Findings: GenAI provisions concentrate in dedicated documents, and governance language follows what is governed, not who governs.

Next step: human validation of the content measures (see back-up).

30
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DATA · 126 GOVERNANCE DOCUMENTS

GenAI governance concentrates in guidance, not enforceable policy

LLMs classified each document's genre and scope, logging evidence and a confidence rating per label (human validation next); provision 
counts are deterministic keyword matches.

Genre \ Scope Dedicated Embedded

Guideline 16 2

Webpage 18 9

Policy 21 39

Procedure 3 18

All genres 58 68

W H E R E  T H E  1 , 1 6 2  P R O V I S I O N S  A R E

Dedicated 974 provisions
58 docs

Embedded 187 provisions
68 docs

84% of the 1,162 provisions are in the 58 dedicated documents.

31

Implication: the sector governs GenAI through soft regulation: expectations concentrate in guidance, and little is yet codified in enforceable 
policy, consistent with symbolic rather than substantive adoption.



ACPHIS GenAI Project Fast AI, Slow Policy

RESULT · WHAT ORGANISES THE LANGUAGE

Governance language follows what is governed, not who or where

Do policies governing the same topic use the same language, whoever wrote them? (58 documents with at 
least three provisions; 5,000 label shuffles.)

TEQSA function +0.093 ***

AI scope +0.029 *

Genre +0.022 *

University +0.014 n.s.

Country (AU/NZ) +0.012 n.s.

Within- minus between-group median cosine similarity · *** p=0.0002 · * p<0.05, uncorrected · n.s. = not significant

Finding.  University and country predict nothing about policy language: both effects are indistinguishable 
from chance, and both labels come from metadata, not from the text.
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SYNTHESIS AND IMPLICATIONS

What the three studies tell us together
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ANALYTICAL FRAMEWORK

Cross-study synthesis

Study 1 
Educational practice

GenAI is most valuable 
when it augments 
human capability, 
reshapes participation 
and remains subject to 
responsible oversight.

Capability, agency and governance must develop together. 
Strengthening one without the others may produce incomplete institutional responses.

Study 2 
Research practice

Study 3 
Institutional governance

Human–AI collaboration 
should be calibrated to 
epistemic stakes, with 
stronger human authority 
as work moves closer to 
interpretation, justification 
and final judgement.

Universities have 
established strong control 
mechanisms, but 
capability-building, 
participation and enabling 
guidance remain uneven.
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Implications for institutions

1. Build capability, not only compliance
Policies need to be supported by practical guidance, AI literacy, exemplars and opportunities to 
develop informed judgement.

2. Calibrate governance to context and risk
Permitted use, oversight and human responsibility should reflect the educational or epistemic 
stakes of the activity.

3. Preserve meaningful human agency
Students, educators and researchers should remain active participants in questioning, evaluating 
and validating AI-assisted work.

4. Enable accountable experimentation
Institutions need safe mechanisms for piloting, evaluating and refining GenAI practice rather than 
relying only on prohibition or static rules.

5. Treat policy as an ongoing learning process
GenAI governance requires review, participation and adaptation as technologies, practices and 
evidence evolve.

From rules to responsible institutional capability

35
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TAKE-HOME MESSAGE

Fast AI requires more than fast rules.

capability enables 
informed use

agency preserves 
human judgement and 
responsibility

governance provides 
legitimate boundaries, 
accountability and 
learning mechanisms

Institutions will not govern GenAI responsibly through policy alone. 
They must also become capable of learning responsibly.

Responsible institutional adoption emerges when:
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SYNTHESIS

Governance must do more than contain risk

Control

builds the fences

Agency

grows the wings

Deficit framing

negotiates risk and 
trust

But if only the fences remain… who will learn to fly?
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Thank You for listening!
Any Questions?

We'd like to hear from you

42



ACPHIS GenAI Project Fast AI, Slow Policy

Engage with us – ACPHIS Webpage
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